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Analysing critical issues related to gender disparity 
and bias require high-quality global data sources and 
analytical expertise. Elsevier (2017) has implemented 
an evidence-based examination of gender-relevant 
research worldwide in our report, “Gender in the 
Global Research Landscape” (https://www.elsevier.
com/research-intelligence/campaigns/gender-17).
As a proxy for researchers, we compiled authors 
of relevant publications (as indexed in Scopus®, 
Elsevier’s indexing and abstracting database covering 
over 22,500 journals (https://www.elsevier.com/
solutions/scopus). In addition to indexing scholarly 
output, Scopus indexes authors with an associated 
unique identifier. This identifier groups together all 
the documents published by an author, matching 
alternate spellings and variations of the author’s name 
and distinguishing between authors with the same 
name by using data elements associated with their 
publications. 

We combined Scopus data with other data sources to 
identify gender and country. We gather each author’s 
list of papers in his or her first year of publication 
in Scopus, and then derive their country of origin 
based on the affiliations listed in their papers. (Author 
profiles without a first name, or with equal numbers of 
papers in two or more countries, are excluded from 
the gender disambiguation analysis.) 

Genderise.io uses data from social media platforms 
to provide lists of first names as well as the number of 
people with this first name that are (self-reportedly) 
women or men in a given country. We use these lists 
to calculate the probability that each author’s first 
name is feminine or masculine in the author’s country 
of origin. An author’s name needs to have appeared 
at least five times in the Genderize.io data and the 
probability that the name associates with a specific 
gender needs to be at least 85% for us to assign a 
gender to an author. 

We utilise a second data source, NamSor™ Applied 
Onomastics, that uses sociolinguistic characteristics 
to mine Big Data sources with its name recognition 
software. It assigns a gender probability for a given 
name depending on the individual’s location. 

The use of Genderize.io and NamSor tends to work 
well for authors from Western countries or with Latin 
or Anglophone names. However, these methodologies 
are not sufficient for robustly determining the 
gender of names of authors of African, Arabic, or 
Asian descent. So, we use a third source for gender 
disambiguation of author names from Japan: a set of 
the most common masculine and feminine names from 
Wikipedia, also used by Larivière et al. (2013).

Gender disambiguation based on author’s first name 
and country of origin presents challenges, especially 
for names originally written in non-Roman alphabets 
or languages using different character sets. The issue 
is particularly prominent for tonal languages such as 
Chinese; as the tone is lost in the transliteration, it 
becomes impossible to distinguish between masculine 
and feminine names.


