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ABSTRACT

As the digital revolution contributes to changing the 
nature and content of jobs, the demand for skills also 
changes. This chapter addresses whether women 
are equipped with the skills needed to navigate the 
digital economy. It analyses data from 31 countries to 
compare the returns to skills for men and women in 
terms of wages, and how these returns vary between 
digital-intensive and other industries. If labour markets 
value different skills differently, with greater rewards 
to specific skills needed in the digital era, wage 
differences should highlight high-demand skills and 
show the degrees of wage variation in digital-intensive 
in comparison to other industries. Results show that 
the digital transformation may be contributing to 
widening the gender wage gap: digital-intensive 
sectors display greater gender wage disparities than 
less digital-intensive sectors, even after accounting for 
specific features of workers and places of employment.

KEY FINDINGS

• Variations in workers’ skills, both cognitive and 
non-cognitive, explain only part of the gender 
wage gap, in 31 countries. 

• Men on average are more likely than women 
to have the task-based skills that are most 
demanded in digital-intensive industries: 
managing and communication, self-organisation, 
and advanced numeracy skills. 

• Men generally obtain higher returns than women 
for the same high-demand skills in digitally 
intensive sectors, but not in less digitally intensive 
industries. 

• Women are more likely than men to have specific 
information and communication technology (ICT) 
task-based skills, and they are better rewarded for 
them, in both digital-intensive and less digital-
intensive sectors.

A NARROWING GENDER 
WAGE GAP? 

Significant progress has been made in recent years 
to reduce gender inequality along many dimensions. 
Young girls in OECD countries now out-perform 
boys at school and represent the majority of tertiary 
graduates (OECD, 2017a, 2017b). Gender gaps in 
employment also appear to have narrowed, although 

a 12-percentage point difference in labour market 
participation still exists, on average, across OECD 
countries. Importantly, gender inequality features 
among the top policy priorities of G20 and G7 
countries; in 2014, G20 countries adopted as a 
key goal narrowing the gender gap in labour force 
participation by 25% by 202564.

Despite all this, there is still a long way to go to attain 
gender equality. In higher education, girls are not well 
represented in the scientific and technical disciplines, 
areas currently commanding high wages. In OECD 
countries, the gender wage gap still averages 14.3% 
across all sectors (OECD, 2017b). Women are scarce 
in senior management, public leadership, and 
entrepreneurship roles, accounting for only 4.8% of 
CEOs in 2016. It is likely that similar, if not greater, 
gender wage gaps exist in non-OECD countries.

The ongoing digital transformation is already affecting 
the life and work of women. On the one hand, the 
transformation can offer women new opportunities 
for economic empowerment, through new forms of 
work created by e-businesses, workspace platforms, 
and flexible working arrangements, for example. On 
the other hand, digital technologies may increase the 
gender divide, if women lack the needed skills or if 
flexible work arrangements mean low quality jobs. 

This chapter points to specific policies which can 
ensure that women are equipped with the skills 
needed to thrive in the digital era. To what extent do 
skill differences between men and women contribute 
to the gender wage gap? What types of skills are in 
high demand in the digital era, and how do various 
industries reward them?65 Econometric analysis allows 
us to explore the factors determining individual 
wages, in digital-intensive versus less digital-intensive 
sectors, with a focus on workers’ skills. Data comes 
from the Programme for the International Assessment 
of Adult Skills (PIAAC) dataset, described below.  

Skills are found to explain part — but not all — of 
the gender wage gap; differences emerge in the way 
digital-intensive and less digital-intensive sectors 
reward workers’ skills. On average, men are more 
likely to have the skills most in demand in digital-
intensive industries: managing and communication, 
self-organisation, and advanced numeracy skills, and 
are likely to obtain higher returns than women with the 
same skills in digitally-intensive sectors66. Women are 
more likely than men to have ICT task-based skills, and 
they are rewarded relatively more for them, in both 
digital-intensive and less digital-intensive sectors, than 
men with similar skills. 

64 http://www.g20.utoronto.ca/2014/2014-1116-communique.html

65 These skills need not perfectly coincide with “digital skills” as 
defined in different contexts (e.g., OECD, 2016; Carretero et al., 2017).

66 Self-organisation here relates to workers’ ability to plan or decide 
the tasks to be carried out, the style and speed of work, and the 
possibility to plan working hours. Management and communication 
task-based skills relate to negotiating with people, planning the 
activities of others, and to instructing, advising, persuading or 
influencing others.
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Many factors, observable and unobservable, 
contribute to shape the gender wage gap, as reviewed 
in Blau and Kahn (2017). These can include: schooling, 
work experience, psycho-emotional characteristics, 
sector of employment, family responsibilities, and 
job characteristics, as well as cultural norms and 
discrimination. Gender may affect the specific tasks 
carried out on the job: women may be less able to 
commit to tasks requiring flexibility in working hours, 
or travelling on short notice (Goldin, 2014). This 
chapter finally takes note of how digital technologies 
are affecting some components of work.

THE GENDER WAGE GAP IN 
THE DIGITAL ERA: THE ROLE 
OF SKILLS

The last century saw narrowing differences between 
men and women in terms of labour force participation, 
paid hours of work, and hours devoted to household 
production, as well as in type of occupation, 
educational attainment, and choice of college 
majors (Goldin et al., 2006). Gender wage gaps also 
narrowed, to varying extent among different countries 
(OECD, 2017b). Examining the relationship between 
workers’ wages and their competencies and skill use 
at work, we can assess the contribution of workers’ 
skills to the gender wage gap. A novel OECD index 
shows the digital penetration of industries (Calvino, 
Criscuolo, Marcolin, & Squicciarini, 2018), allowing us 
to compare the wage gender gap and its determinants 
in digital-intensive as compared to less digital-
intensive industries, while controlling for features such 
as workers’ education and age and size of firm.

We rely on measures of the cognitive, non-cognitive, 
and social skills of workers for 31 countries, as 
extracted from the OECD Survey of Adult Skills 
(Programme for International Assessment of Adult 
Competencies, or PIAAC) (Grundke, Kalamova, Keslair, 
Jamet, & Squicciarini, 2017). PIAAC surveyed 154,293 
individuals aged 16–65, between 2012 and 2015, in 
31 countries (all but three OECD countries). In each 
country, the sample was chosen to be representative 
of the population (albeit with different sampling 
schemes). We combine the skills results with PIAAC-
based information on labour market participation and 
the socio-economic background of workers67. The 
analysis assumes that work is composed of a set of 
tasks which workers are required to carry out on the 
job, and for which they are rewarded. This is in line 
with studies arguing that human capital needs are 
highly specific to the particular tasks carried out, and 
less determined by the occupation, industry, or firm 
(Gathman & Schoenberg, 2010; Gibbons & Waldman, 
2004; Poletaev & Robinson, 2008)68. 

67 OECD (2018c).

68 Several studies take a task perspective in assessing the returns to 
working in a given occupation, and how technological change affects 
them (e.g., Acemoglu & Autor, 2011; Acemoglu & Handel, 2013).

Cognitive and socio-emotional skills are both 
considered in the analysis. Studies point to the role 
of social skills and personality traits in determining 
earnings (Heckman, Stixrud, & Urzua, 2006; 
Heckman & Kautz, 2012), and combinations of 
social and cognitive skills are seen to be especially 
rewarded (Deming & Kahn, 2017; Weinberger, 2014) 
— particularly in jobs that are more ICT-intensive 
(Deming, 2017).

AN EMPIRICAL 
ASSESSMENT OF THE 
RETURNS TO SKILLS IN 
DIGITAL-INTENSIVE AND 
LESS DIGITAL-INTENSIVE 
SECTORS

To understand how the digital transformation affects 
the demand for different types of skills — cognitive, 
non-cognitive, and social — we examine how 
workers’ skills are rewarded and whether rewards 
vary according to the digital intensity of the sector. 
Valued skills in short supply should command higher 
returns. Higher returns in digital-intensive industries, 
accordingly, should point to the skills that are in 
relatively high demand in jobs that are more exposed 
to the digital transformation, and that may represent 
needed complements to the deployment of digital 
technologies at the workplace69.

The analysis is carried out on data from the OECD 
Survey of Adult Skills (PIAAC), covering 31 countries. 
PIAAC provides a wealth of information about workers’ 
skills, the tasks they perform on the job, and their 
workplace, making it possible to estimate the role 
of skills in determining wages with greater accuracy 
than in the past. Workers’ cognitive skills (literacy, 
numeracy, and problem solving in technology-rich 
environments) are assessed through administered 
tests, limiting the risk of mismeasurement. By relying 
on the six task-based skill indicators identified in 
Grundke et al. (2017), it is possible to see how non-
cognitive and social skills are rewarded in both digital 
and less digital-intensive industries. 

Digital-intensive and less digital-intensive industries 
are identified on the basis of an OECD taxonomy 
(Calvino et al., 2018) that uses selected indicators 
to assess the degree of digital transformation of 
particular sectors. The authors have collected and 
cleaned data on several of these indicators of digital 
transformation, specifically targeting technological, 
market, and human capital components. The 
technological component is proxied by the sector’s 
intensity in ICT investment, including purchases of 
intermediate ICT goods and services as well as robots. 
The human capital component is proxied by the share 

69 For a full description of the approach, see Grundke et al. (2018).
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of ICT specialists in the workforce. Digital marketing 
is proxied by the share of e-commerce. Sectors are 
ranked along each dimension, and the rankings are 
then aggregated to yield a single taxonomy of sectors 
by digital intensity70. (Sectors are defined according 
to the UN classification, published as the International 
Standard Industrial Classification (ISIC), Revision 4.) 

We control for many characteristics relating to wage 
or skill levels (e.g. years of education, age, gender, as 
well as country, industry, and occupation. The analysis 
isolates variation of skills and wages within the same 
type of job and aims for an unbiased comparison 
between men’s and women’s earnings. Differences 
in the occupational composition of digital and less 
digital-intensive industries should not influence 
the findings on return to workers’ skills in different 
industries.

Digital-intensive industries appear to pay better 
than less-digital intensive industries for workers with 
higher levels of managing and communication, self-

70 The dichotomy between digital and less digital-intensive sectors is 
an artefact used for analytical purposes. In reality, there is a distribution 
of digital intensity levels, both between and within sectors; moreover, 
specific employers may be more (or less) digitally intensive than their 
sector. 

organisation, and advanced numeracy skills71. These 
results may reflect characteristics of tasks in those 
industries: the need to operate in a more independent 
or decentralised fashion; to communicate across 
disciplinary boundaries and in diverse and 
decentralised teams; to perform more non-routine 
tasks; to be better matched with the tasks to be 
carried out; or to deal with continuously changing 
settings, for which self-organisation, management, 
and communication skills are important.
Do women possess the skills that are more in demand 
in the digital era? Do rewards for these skills differ 
between men and women? These questions are key to 
understanding whether the gender divide may widen 
with the ongoing digital transformation.

71 See Grundke et al. (2018) and OECD (2018c).



Taking Stock: Data and Evidence on Gender Digital Equality PART TWO

286

Figure 7.1
Difference in standardised skill scores between men 
and women 
(conditional on covariates), 31 countries, 2012 or 2015

Source: OECD (2018c), based on PIAAC data. 
Note: Differences in standardised skill scores between men and women 
are conditional on the covariates from the wage regressions. The skill 
measures are taken from Grundke et al. (2017). For each skill variable, 
OLS regressions of workers’ skill endowment on the covariates from the 
wage regressions are estimated on the pooled set of 31 countries. For 
each of these regressions, the bars show the coefficients of the “male” 
variable, which takes value 1 if the individual is male and 0 if female. 
Striped bars signal that differences between men and women are not 
statistically significant at the 5% level. Bars above the x-axis represent 
the skills that men scored higher on; bars below the x-axis show skills 
that women scored higher on.

Figure 7.1 shows that men are generally more likely 
to possess the skills that command wage premiums 
in digital-intensive industries. Independent of age, 
education, occupation, country, industry, or size of 
firm, and whether full- or part-time, men overall have 
higher numeracy and advanced numeracy skills as well 
as higher task-based skills related to self-organisation, 
management, and communication72.

72 See also OECD (2018c).

These results are worrisome, especially because 
the digital transformation will ultimately affect all 
industries, including those that are less digital-
intensive. Women’s lower scores in the skills needed 
in the digital age may thus lead to increasing wage 
inequality between men and women. Additional 
results show that the gender wage gap is indeed 
higher in digital-intensive than in less digital-intensive 
industries (Figure 7.2). This is partly due to the 
different skills possessed by men and women: the 
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Figure 7.2
Gender wage gap by country and industry 
(conditional difference in hourly wages for men and 
women, in %), 31 countries, 2012 or 2015

Source: OECD (2018c), based on PIAAC data.
Note: The figure shows the differences in hourly wages for men and 
women (in percentages) for employees in more and less digital-intensive 
industries. The estimates are based on OLS wage regressions, using 
data from the OECD Survey of Adult Skills (PIAAC), and control for the 
same covariates as in Figure 7.1 as well as for skills. 

same graph displays larger gaps when not controlling 
for skills (results omitted here). (For more discussion, 
see OECD (2018c).) To address this effect of the digital 
transformation on gender-based income inequalities, 
governments need to ensure that women have 
opportunities to gain advanced numeracy skills and 
to develop management, communication, and self-
organisation skills.

Nevertheless, women do not lag behind men across 
the whole spectrum of skills needed in the digital 
era. Women generally score better in literacy skills 
as well as in ICT, accountancy, and selling skills73. 
While women have higher ICT skills than men (and 
they conduct more ICT-related tasks than men in 
the same occupation), this may not be reflected in 
higher earnings. This study does not find higher 
returns to ICT skills in digital as compared to less 
digital-intensive industries, even though ICT skills 
are obviously important in the digital era. However, 
when we control for cognitive and task-based skills 
as well as country, industry, and occupation, we see 

73 ICT skills relate to the use of programming languages, emails, 
word processing software, and spreadsheets, as well as processing 
transactions through the internet.

ICT skills commanding the highest wage returns74. 
Possibly women’s advantage in ICT skills may help 
to reduce gender-based wage inequality over time. 
Policy makers may therefore want to focus efforts on 
increasing ICT skills to reduce the gender wage gap.

Skill sets explain only part of the gender gap. When 
we control for cognitive, non-cognitive, and social 
skills, the gender wage gap is greater than can be 
explained by the difference in workers’ skills75. In 
addition, the gap is considerably larger in digital-
intensive industries than in less digital-intensive ones. 
Contributing factors may include women’s longer 
out-of-work spells (e.g., for child-bearing), household 
duties, and gender-based roles and division of 
labour (Blau & Kahn 2017; Goldin, 2014). In addition 
to possible measurement issues, other factors in 
the wage gap may include gender discrimination. If 
digital-intensive industries reward men more than 
women for certain skills, more than is the case in less 
digital-intensive industries, the gender wage gap 
will be higher in digital-intensive industries even for 
workers with similar skills. 

74 See Grundke et al. (2018) and OECD (2018c).

75 See OECD (2018c).
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Figure 7.3
Labour market returns to skills by gender across 31 
countries, 2012 or 2015
Figure 7.3a
Digital-intensive industries

Figure 7.3 shows the skill returns for men and women 
in digital vs. less digital-intensive industries. Men 
obtain significantly higher returns than women 
for advanced numeracy and management and 
communication skills in digitally intensive industries 
(Figure 7.3a). The differences are not statistically 
significant in less digital-intensive industries (Figure 
7.3b). However, for one of the key skills in the digital 
era — ICT skills — women obtain higher returns than 
men, in both digital-intensive and less digital-intensive 
industries. The analysis controlled for observable 
characteristics of the individual (age, education, part-
time status) and for country, industry, occupation, and 
size of firm. 

Factors that may contribute to the gender difference 
in earnings include: network effects among male 
colleagues; better wage bargaining outcomes 

stemming from the greater self-confidence of men 
(found, for instance, by Niederle & Vesterlund 2007); 
and proportionally higher bonuses associated 
with advanced numeracy and management and 
communication skills. Also, broader productivity 
effects may be a factor, if companies that are more 
productive require (and better reward) the skill sets 
more associated with men. Finally, if digital-intensive 
industries are more dynamic, they may require more 
competitive behaviours and stronger negotiation skills 
than less digital-intensive industries; this may hurt 
women, as studies have shown that women are less 
oriented to negotiating and competing than men and 
are more risk averse. For reviews, see Bertrand (2011) 
and Croson and Gneezy (2009).
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Figure 7.3b
Less digital-intensive industries

Source: OECD (2018c), based on PIAAC data. 
Note: Results are based on OLS wage regressions pooling data for 31 
countries. Digital-intensive industries are defined following Calvino et al. 
(2018). Skill measures are based on PIAAC and are taken from Grundke 
et al. (2017). The estimates by gender are obtained by including an 
interaction term of the skill variable and a variable taking value 1 if the 
individual is male and 0 if female. Wage regressions control for the same 
covariates as in the baseline analysis. The figure shows the percentage 
changes in wages determined by an increase in skills by one standard 
deviation. Striped diamonds and bars indicate results that are not 
statistically significant at the 5% level.

CONCLUSIONS AND POLICY 
IMPLICATIONS
The digital transformation is deeply transforming 
economies and societies, including disrupting labour 
markets: some occupations are disappearing and 
others are changing in nature, as is the demand profile 
for skills. The speed, scale, and scope of the ongoing 
transformation far outmatches the lengthy timeframe 
for building the human capital required, and the 
associated need to adapt education and training 
systems. Governments need to act promptly to ensure 
that workers, especially women, are not left behind 
due to lack of relevant skills. 

The digital transformation is changing the demand 
for skills in both OECD and non-OECD countries. A 
wide range of skills appears to be required for firms 
and individuals to perform successfully in the digital 
era: foundational skills such as literacy and numeracy; 
and skills that are transferable across jobs, including 
technical and socio-emotional skills (including self-
organisation, management, and communication). 
However, skill sets differ as between men and women, 
and different skills are rewarded in different ways for 
men and women, in digital and less digital-intensive 
industries.  
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LEARNING MATTERS: SHARING THE 
COST AND BENEFITS OF LIFE-LONG 
LEARNING
 

Making the digital transformation more gender-
inclusive entails extending education and training to 
all, and especially to girls and women, both at a young 
age and later in life. Narrowing the gender wage 
gap further requires giving girls a solid educational 
foundation, especially in numeracy, to address early 
gender gaps. Education and training may need 
to become more flexible and adaptive: the digital 
transformation enhances opportunities to learn 
outside of working or school hours, and digital tools 
can help mitigate or overcome societal barriers and 
norms. As the digital transformation accentuates 
the need to continue learning throughout life, policy 
makers need to (re)design life-long learning systems: 
providing sound initial education, and fostering 
synergies among all stakeholders — individuals, 
governments, and the private sector — to further 
enhance human capital, especially of women76. 
The private sector of course benefits directly from 
a trained workforce and also provides training for 
workers.  

TECHNOLOGY FOR LEARNING

Recent years have seen significant progress in 
women’s education. In OECD countries, more women 
now achieve tertiary education than men (OECD, 
2017a); across the 31 countries considered, the 
proportion of women engaging in on-the-job training 
is higher, on average, than that of men (OECD, 2018a). 
However, when workers’ characteristics are taken into 
account (e.g., age, education, part-time contracts, 
industry, and occupation), men are found to receive 
5% longer training than women. In many non-OECD 
countries, women’s access to education still lags 
behind men’s. Digital technologies can support 
more equitable access to education and training by 
lowering the direct cost of accessing educational 
material, or by allowing distance learning on a flexible 
schedule — important for women having to combine 
education and household duties. Governments should 
ensure that access to technologies such as mobile 
phones and broadband is universal and equitable. This 
may require investments in infrastructure deployment, 
especially in remote areas, or financial schemes to 
lower the costs of accessing such technologies, 
especially for low-income individuals.  

FOCUS ON THE ‘RIGHT’ 
(SETS OF) SKILLS 

76 Under the “SkillsFuture” programme in Singapore, employers 
provide input about the skills they believe will be required by workers 
in the near future (3–5 years). Students and workers are then given a 
government subsidy through their learning accounts; they receive a skill 
certification at the end of the training.

The gender wage gap is related in part to the type 
of skills possessed by workers. Digital technologies 
display different degrees of complementarity and 
substitutability of skill sets. Interestingly, women 
perform ICT-related tasks slightly more frequently 
than men; moreover, they are rewarded significantly 
more for those tasks and skills. Policies to promote ICT 
skills for women can help to narrow the gender wage 
gap. 

Advanced numeracy (STEM) skills are among the 
most demanded skills in digital-intensive sectors, and 
these skills are associated more with male than female 
workers, even within narrowly defined industries and 
occupations. Policies to enhance female workers’ 
advanced numeracy skills will therefore be important 
to address the gender wage gap. As skill set 
differences are influenced by educational choices, and 
the decision to pursue fields such as ICT and STEM 
(OECD, 2017b), educational policies are important: 
encouraging girls’ enrolment in STEM studies at 
young ages; creating single-sex classes where women 
feel freer of stereotypes (Booth, Cardona-Sosa, & 
Nolen, 2014; Dustmann, Ku, & Kwak, 2017); facilitating 
women’s access to STEM-related apprenticeships; 
and addressing gender biases in education curricula, 
parental preferences, and social norms (OECD, 
2018c)77. These policies are relevant to both OECD 
and non-OECD countries; of course, equal access to 
education is an essential first step. The private and 
non-governmental sectors can also be involved in this 
effort, influencing the public debate and leading by 
example. 

PROMOTE WOMEN’S PARTICIPATION 
IN LABOUR MARKETS

The skills mix needed to succeed in digital-intensive 
sectors includes non-technical skills such as 
management, communication, and self-organisational 
skills. Women may be hindered from developing these 
skills by constrained access to the labour market. This 
problem can be addressed directly through training 
programmes, and indirectly by fostering women’s 
labour market participation. Digital technologies can 
facilitate women participation in the labour market 
by offering new work opportunities (e.g., through 
e-commerce and digital platforms) and by making 
work more flexible78. Flexible working arrangements, 
powered by technology, can enable individuals living 
in remote areas and those with costly commutes 
to enter the labour market or extend their working 

77 For example, U.S. schools participating to the Building, Recruiting 
and Inclusion for Diversity (BRAID) initiative commit to several actions, 
including increasing the number of female instructors, providing 
teachers with better computer science teaching skills, or promote 
female role-models in STEM.

78 Platforms are likely to affect participation of women to the labour 
market, by decreasing the entry cost and possibly limiting the role 
of cultural norms. So far, however, platform work has been difficult to 
measure. When possible (albeit with approximation), “gig” workers 
were found to display lower returns to skill than employees or other self-
employed individuals, independently on gender (OECD, 2018c).
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hours. Flexible arrangements can also be valuable 
for individuals constrained by family duties — 
preponderantly women — and can thus enhance 
female participation in the labour market. This has 
the potential to help women build their confidence, 
experience, human capital, and networks, and thus 
to reduce the gender wage gap over time. However, 
flexible work arrangements may translate into low-
quality jobs (OECD, 2017b); they may also entail 
longer working hours and little separation between 
work and personal life. Policies should ensure that 
“more flexible” also means “better”. Ideally, women’s 
increased labour market participation would need 
to be accompanied by greater gender equality in 
household and family-related duties.

IMPROVE THE (GENDER) FAIRNESS 
OF THE SYSTEM 

Women’s lower labour market participation can reflect 
the uneven burden of family duties.  Government 
policies can expand the public provision of child care 
services; they can also support a redistribution of 
family duties, for instance through paid paternal leave. 
Within the workplace, affirmative action and even 
quotas can be considered to address discrimination, 
especially in filling leadership positions. Improving 
the (gender) fairness of the economic system may at 
times require imposing a minimum number of women 
in governing boards, parliaments, or policy cabinets. 
However, softer approaches — such as voluntary 
target setting and disclosure of existing gender 
outcomes, often initiated within the private sector 
itself — may be effective while avoiding triggering 
confrontational attitudes (OECD, 2017a).  
Policy measures have little hope of success where 
gender discrimination is ingrained in culture and 
society. Social norms influence women’s participation 
in the labour market, as well as the way they may 
own and manage economic resources — including 
technology. While the role of such norms in shaping 
the gender gaps resists empirical analysis, they 
certainly contribute to the “residual” gender wage 
gap that remains when other determinants have been 
accounted for.
The socio-economic change fostered by the digital 
transformation can influence cultural norms, challenge 
traditional ideas on the role of women in society, and 
help women form new or different aspirations. These 
changes can be supported by information campaigns 
to raise awareness on gender discrimination, promote 
more gender-balanced narratives, and dispel 
stereotypes. 

A HOLISTIC POLICY APPROACH 
TO THE GENDER GAP

Closing the gender gap in skills and wages requires 
cross-cutting approaches that involve most, if not 

all, aspects of public policy and that include specific 
gender-related objectives (OECD, 2018b). Digital 
strategies will be especially important in this regard, 
to shape the interplay between digital technologies 
and workers’ jobs and skills.
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